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	The	Cardinals	recorded	99	streaks	(50	winning	streaks	and	49	losing	streaks).	The	table	below	shows	that	St.	Louis	stopped	losing	streaks	at	one	game	39	times,	which	is	over	30%	more	frequent	than	expected	for	a	team	with	a	0.617	winning	percentage.	That	is,	if	we	observe	49	independent	random	trials	representing	the	number	of	games	(after	their	initial	loss)	until	they	win	a	game,	then	the	probability	the	streak	ends	on	the	next	game	is	0.617,	which	should	happen	(0.617)49	=	30.2	times	out	of	49.	For	the	2005	St.	Louis	Cardinals,	the	losing	streak	ended	after	one	game	39	out	of	49	times.			 Streak	(in	games)	 1	 2	 3	 4	 5	 6	WIN	 24	 14	 6	 2	 3	 1	expected	 19.1	 11.8	 7.3	 4.5	 2.8	 1.7	LOSS	 39	 7	 3	 0	 0	 0	expected	 30.2	 11.6	 4.4	 1.7	 0.6	 0.2			Figure	2	shows	how	the	Cards	season	became	less	streaky	as	the	season	progressed.	The	Cardinals	year	of	99	streaks	is	among	the	highest	recorded	over	the	past	55	years,	but	the	major	league	record	of	100	streaks	belongs	to	the	1971	California	Angels.	The	Angels	had	a	mediocre	record	of	76-86	but	had	fewer	than	expected	long	streaks	of	wins	or	losses.	Out	of	50	winning	streaks,	34	were	ended	after	one	game	(much	higher	than	the	23.5	expected).		
	Figure	2	
		
2003	DETROIT	TIGERS		The	streakiest	team	of	all	time	is	the	2003	Detroit	Tigers,	one	of	the	worst	teams	in	major	league	baseball	history.	The	Tigers	compiled	a	record	of	43-119,	breaking	a	record	for	AL	teams	by	recording	more	losses	than	the	1916	Philadelphia	Athletics.	With	27	winning	streaks	and	27	losing	streaks,	the	Tigers	had	the	fewest	number	of	streaks	of	all	major	league	teams	since	1962,	not	counting	the	1981	and	1994	strike-shortened	seasons.	Figure	3	shows	how	their	accumulation	of	streaks	developed	over	the	season.		For	a	team	with	a	43-119	record,	long	losing	streaks	are	inevitable.	If	we	treat	each	game	as	an	independent	trial,	then	we	would	expect	27(0.2654)=7.2	losing	streaks	that	would	end	at	one	game	(actually,	6	streaks	ended	at	one	game).	On	the	other	hand,	we	would	expect	between	two	and	three	losing	streaks	of	six	games	or	more.	In	2003,	the	Tigers	endured	ten	different	losing	streaks	of	six	or	more	games,	including	a	10-game	losing	streak	in	September	and	an	11-game	losing	streak	in	August.	These	long	streaks	account	for	why	the	’03	Tigers	runs	statistic	is	such	an	aberration.	In	the	seven	losing	streaks	of	seven	or	more	games,	the	Detroit	Tigers	accumulated	more	than	half	of	their	losses	for	the	season	(62	out	of	119).					 Streak	(in	games)	 1	 2	 3	 4	 5	 6	 7	 8	 9	 10	 11	WIN	 6	 4	 4	 2	 1	 3	 1	 2	 2	 1	 1	expected	 7.2	 5.3	 3.9	 2.8	 2.1	 1.5	 1.1	 0	 0	 0	 0	LOSS	 17	 5	 4	 1	 0	 0	 0	 0	 0	 0	 0	expected	 19.8	 5.3	 1.4	 0.4	 0.1	 0	 0	 0	 0	 0	 0				
	Figure	3				
CONCLUSIONS		Once	any	non-random	pattern	is	determined,	more	advanced	statistical	methods	may	be	used	to	characterize	how	each	team’s	win	probability	changes	depending	on	whether	the	last	game	is	a	win	or	a	loss.		In	related	research,		Quintana,	et	al.9	analyzed	individual	batters	streakiness	with	regard	to	hits,	and	looked	at	how	a	player's	performance	varied	from	season	to	season	(across	four	seasons).	Some	obvious	factors	were	helpful	in	predicting	how	a	player's	success	rate	might	change,	such	as	the	quality	of	the	opposing	pitcher,	but	for	the	most	part,	explanatory	variables	such	as	game	score	or	inning	were	not	helpful	in	the	prediction.		According	to	the	distribution	of	the	nonparametric	Wald-Wolfowitz	runs	test,	we	found	close	to	the	expected	number	of	results	within	one	and	two	standard	deviations	of	what	was	expected.	Interestingly,	we	found	fewer	than	expected	cases	outside	of	three	standard	deviations.	Obviously,	the	simplicity	of	the	applied	runs	test	does	not	reveal	the	subtle	win	probability	factors	that	change	from	day	to	day,	from	series	to	series,	from	pitching	match	up	to	who	is	on	the	disabled	list.	But	the	data	show	that	detailed	investigations	into	team	streakiness	are	not	warranted	due	to	the	overwhelming	evidence	that	winning	streaks	and	losing	streaks	fall	into	a	pattern	that	is	consistent	with	independent,	random	trials.			
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